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Informationsvielfalt vs. 
Desinformation 
Sechs Mythen aus dem Dilemma des unendlichen Angebots



Beichte



Desinformation & co 
(Die Welt pathologischer Online-Kommunikation)



Begriffsklärung

Misinformation Faktisch widerlegbare Information ohne 
	 	 	 nachweisbare Schadensabsicht


Desinformation	 	 Faktisch widerlegbare Information mit nachweisbarer 
	 	 	 Schadensabsicht


Fake News	 	 Politischer Streitbegriff, insbes. zur Diffamierung


(Weitere verwandte Begriffe: Malinformation, Propaganda, 
Verschwörungstheorien, Verschwörungsmythen)



Die großen Fragen der Desinformation

1. Wie verbreitet sind Desinformationen in der Bevölkerung 
(nicht online)? 

2. Wer ist für die Entstehung verantwortlich? 
(Akteure—Staaten, Individuen, …)


3. Warum glauben Menschen Desinformationen?


4. Was sind erfolgreiche Gegenmaßnahmen?



Vorab: Warum?

Ein hilfreiches Modell zum Verständnis von falschen 
Überzeugungen ist die motivierte Kognition. 

“Welches Problem löst ein Mensch durch den Glauben an 
Falschinformationen?”


• Persönliche Spannungen, Verantwortung, Schuld


• Ideologische Konflikte


• Selbstaufwertung, Verteidigung des Selbstwerts …



Mythos 1 
Desinformation sind ein 
isoliertes Problem
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A. Hate and harassment background

Hate and harassment occurs when an aggressor (either an
individual or group) specifically targets another person or
group to inflict emotional harm, including coercive control or
instilling a fear of sexual or physical violence [36]. Examples
of highly publicized attacks include “Gamergate”, a coordi-
nated campaign where several women tied to the video game
industry received tens of thousands of messages that threatened
rape and death [1]. More recently, an attacker publicly leaked
nude images of former Rep. Katie Hill, resulting in her
resigning from office [54].

While hate and harassment have a long history in the
social sciences and the ethos of the Internet [92], [130]—
with common adages like “don’t read the comments”—the
public increasingly views hate and harassment as a threat that
needs to be addressed. In a survey by Pew in 2017, 76% of
Americans believed that platform operators have a duty to step
in when hate and harassment occurs on their service [118].
This shift in public opinion is also reflected in the Terms of
Service of online platforms. For example, in 2009, Twitter’s
rules covered only impersonation and spam [81]. As of 2020,
Twitter’s rules also cover violence, harassment, and hateful
conduct, among a multitude of other abusive behaviors [138].
Hate and harassment is now explicitly prohibited by almost
all major online social networks [116].

While the intent to cause emotional harm differs strongly
from the profit incentives of cybercrime [3], some parallels ex-
ist between the underlying tools and techniques of both types
of attacks: spamming, creating fake accounts, compromising
devices, obtaining privileged access to sensitive information,
and more. When protecting users from cybercrime, however,
security practitioners can disrupt the profit-generating centers
fueling abuse like scams, ransomware, or banking fraud [136],
which in turn eliminates the incentives behind fake accounts,
spam, or related abuse. There is no equivalent strategy for
hate and harassment where attacks presently lack a depen-
dency chain. Technical interventions can merely address the
symptoms of conflicts rooted in politics and culture.

B. Related emerging threats

The types of attackers engaged in hate and harassment may
also be involved in other emergent forms of abuse such as
violent extremism or spreading inaccurate information (see
Figure 1). We briefly discuss these related threats and how
their goals at times overlap, while also proposing how to
distinguish hate and harassment.

Violent extremism. Over the last two decades, vio-
lent extremists—actors that glorify or enact ideologically-
motivated violence—have adopted emerging technologies for
coordination, recruitment, and distributing propaganda [91].
In the early 2000s, online abuse by jihadists was isolated to
forums like Al-Hesbah where readers could “follow links to
attack videos from active jihad campaigns” [21]. In the 2010s,
extremist content migrated to social media sites, where ex-
tremist media personalities developed a brand around violence
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Fig. 1: Attackers engaged in hate and harassment may also engage in
violent extremism and disinformation and misinformation. We argue
there is not always a clear boundary between each class of abuse,
but that the underlying intents differ.

while subverting hashtags and trending pages via search engine
optimization tactics to reach a wider audience [9], [16], [109],
[114]. Once in the public sphere, this content may be sought
after as part of a path towards radicalization [55].

These same tactics have been adopted in recent years by
far-right extremists, such as the 2019 live-streaming of a
mosque shooting in New Zealand [122] and of a synagogue
shooting in Germany [79]. Technology platforms have coor-
dinated their response to this threat through groups like the
Global Internet Forum to Counter Terrorism (GIFCT), for
example sharing digital fingerprints of extremist content to
enable automatic removal [68]. As with cybercrime, this has
led to an adversarial arms race, with extremists moving to
less moderated communities [100], [149], adopting encrypted
messaging platforms [135], and testing new mediums such as
short-lived videos [144].

In the context of hate and harassment, extremist propaganda
may overlap or be amplified by communities actively involved
in online hate. However, the aim of violent extremism is
to radicalize as many people as possible via indiscriminate
distribution, which falls outside our requirement that hateful
or harassing content target a specific individual or group.

Disinformation and misinformation. Disinformation encom-
passes any efforts by “groups, including state and non-state
actors, to manipulate public opinion and change how peo-
ple perceive events” [133]. Tactically speaking, this entails
deliberately spreading false or misleading information [78].
Misinformation involves the spread of unintentional inaccura-
cies [78], such as when Indian villagers used messaging apps
to spread rumors of child abduction, ultimately resulting in the
lynching of a man [8]. Both disinformation and misinformation
abuse online platforms as a tool for dissemination.

There is an intrinsic link with the role that rumors and
falsehoods can play in online hate and harassment. A prime
example is “Pizzagate” [85]. Initially a conspiracy theory
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Handlungsempfehlung 1

Desinformation sind Teil eines großen verflochtenen 
Repertoires. Es ist wichtig, alle Elemente zu kennen 
und zu erkennen.


Bei Auftritt einzelner Bedrohungen sollte nach weiteren 
— auch im sozialen Umfeld — gesucht werden.

!



Mythos 2 
Desinformation ist ein 
Massenphänomen
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 Betrachtet man den Komplex der bewussten Desinformation  

und der Verbreitung extremistischer Inhalte genauer, zeigt sich, dass 

insbesondere jüngere Jugendliche deutlich häufiger von diesen Inhalten 

berichten. Möglicherweise fällt es Jüngeren generell schwerer, die ent-

sprechenden Inhalte klar einzuordnen und zu bewerten.

 Auch Jugendliche mit einem formal niedrigeren Bildungs- 

hintergrund begegnen nach eigenen Angaben häufiger Falschmeldungen, 

Verschwörungstheorien oder politischen Extrempositionen. 

Insbesondere Jüngere berichten  
von Desinformation und der  
Verbreitung extremistischer Inhalte 
im Netz
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 Ein anderer Aspekt sind Hassbotschaften und beleidigende 

Kommentare, bspw. in Kommentarspalten von YouTube oder bei anderen 

Sozialen Netzwerken. Auch hier gilt die Komponente der subjektiven 

Wahrnehmung, was jeweils als beleidigend empfunden wird. Es zeigt sich 

auch hier, dass beim Thema „Hassbotschaften“ und „beleidigende Kom-

mentare“ deutlich häufiger die Jüngeren und Jugendliche mit formal 

geringerer Bildung betroffen sind.

18-19 Jahre 
Verschwörungstheorien: 27%

12-13 Jahre 
Verschwörungstheorien: 60%

Unklare Definition
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identifying as “very conservative,” shared the most articles from fake 
news domains. On average, a conservative respondent shared 0.75 
such stories [95% confidence interval (CI), 0.537 to 0.969], and a very 
conservative respondent shared 1.0 (95% CI, 0.775 to 1.225). This is 
consistent with the pro-Trump slant of most fake news articles pro-
duced during the 2016 campaign, and of the tendency of respon-
dents to share articles they agree with, and thus might not represent 
a greater tendency of conservatives to share fake news than liberals 
conditional on being exposed to it (3).

Figure 2D shows that, if anything, those who share the most content 
in general were less likely to share articles from fake news–spreading 
domains to their friends. Thus, it is not the case that what explains 
fake news sharing is simply that some respondents “will share any-
thing.” These data are consistent with the hypothesis that people who 
share many links are more familiar with what they are seeing and 
are able to distinguish fake news from real news. (We note that we 
have no measure as to whether or not respondents know that what 
they are sharing is fake news.) Turning to a key demographic char-
acteristic of respondents, a notable finding in Fig. 2B is the clear as-
sociation between age group and the average number of articles from 
fake news domains shared on Facebook. Those over 65 shared an average 
of 0.75 fake news articles (95% CI, 0.515 to 0.977), more than twice 
as many as those in the second-oldest age group (0.26 articles; 95% CI, 
0.206 to 0.314). Of course, age is correlated with other characteristics, 
including political predispositions. Thus, we turn to a multivariate anal-
ysis to examine the marginal impact of individual characteristics.

Table 2 shows that the age effect remains statistically significant 
when controlling for ideology and other demographic attributes. The 

association is also robust to controlling for party, as the various 
alternative specifications provided in the Supplementary Materials 
illustrate. In column 2, the coefficient on “Age: over 65” implies that 
being in the oldest age group was associated with sharing nearly seven 
times as many articles from fake news domains on Facebook as those 
in the youngest age group, or about 2.3 times as many as those in the 
next-oldest age group, holding the effect of ideology, education, and the 
total number of web links shared constant (e1.9 ≈ 6.69, e1.9−1.079 ≈ 2.27). 
This association is also found in the specifications using the alternate 
peer-reviewed measure (2) as a dependent variable in columns 3 and 4, 
with those over 65 sharing between three and four times as many 
fake news links as those in the youngest age group.

Aside from the overall rarity of the practice, our most robust and 
consistent finding is that older Americans were more likely to share 
articles from fake news domains. This relationship holds even when 
we condition on other factors, such as education, party affiliation, 
ideological self-placement, and overall posting activity. It is robust 
to a wide range of strategies for measuring fake news (see Materials 
and Methods). Further, none of the other demographics variables in 
our model—sex, race, education, and income—have anywhere close 
to a robust predictive effect on sharing fake news. We subject our 
findings to a battery of robustness tests in the Supplementary Materials. 
Among them, we show that model specification, other predictors such 
as political knowledge, and distributional assumptions about the de-
pendent variable do not appear to be driving our results (tables S1 to 
S8 and S13). Last, we show in table S14 that, when we try to explain 
patterns of hard news sharing behavior using the same approach, the 
predictors are more varied and do not include age.

Fig. 1. Distribution of total and fake news shares. (Left) Histogram of the total number of links to articles on the web shared by respondents in the sample who iden-
tified as Democrats, Republicans, or independents. (Right) Stacked histogram of the number of fake news articles shared by respondents who identified as Democrats, 
Republicans, or independents using the measure derived from (7).
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Handlungsempfehlung 2

Desinformation sollten nicht überbewertet werden 
(Verstärkungseffekt).


Desinformation sollten nicht pars pro toto — als 
Stellvertreter für Probleme in Medien/
Kommunikation/Gesellschaft stehen!

!



Mythos 3 
Junge Menschen 
sind besonders betroffen
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Medienpädagogischer Forschungsverbund Südwest    KIM-Studie 2020

Der Anteil an regelmäßigen Nutzer*innen steigt – mit Ausnahme 
der Nutzung von Kinderseiten – mit dem Alter der Kinder an. Insbeson- 
dere bei WhatsApp zeigt sich dies am stärksten (6–7 Jahre: 28 %, 8–9 Jahre: 
43 %, 10–11 Jahre: 77 %, 12–13 Jahre: 90 %). 
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Nach Einschätzung der Eltern sind Kinder an einem durchschnittlichen 
Wochentag 46 Minuten online. Zwischen Mädchen (46 Minuten) und 
Jungen (47 Minuten) bestehen hierbei keine großen Unterschiede. Bei der 
Betrachtung im Altersverlauf zeigt sich jedoch eine deutliche Dynamik. 
So sind die Sechs- bis Siebenjährigen durchschnittlich 14 Minuten online,  
während die Acht- bis Neunjährigen im Schnitt 29 Minuten, die Zehn- bis 
Elfjährigen 53 Minuten und die Zwölf- bis 13- Jährigen 84 Minuten im Netz 
verbringen. Im Vergleich zum Jahr 2018 lässt sich nach Einschätzung der 
Haupterzieher*innen bei den Sechs- bis 13-Jährigen, trotz der besonderen 
Situation im Jahr 2020, kein Anstieg in der Internetnutzungszeit feststellen 
(2020: 46 Minuten, 2018: 45 Minuten).    

52 Prozent der Kinder, die das Internet nutzen, geben an, Lieb-
lingsseiten zu haben. Insgesamt werden hier 117 verschiedene Webseiten 
genannt (Mehrfachnennungen möglich). Angeführt wird die Liste von 

Internetnutzungszeit bleibt im 
Vergleich zu 2018 recht konstant

YouTube Lieblingsseite der Kinder

Geringe Kontakt-
wahrscheinlichkeit
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DISCUSSION
Using unique behavioral data on Facebook activity linked to individual- 
level survey data, we find, first, that sharing fake news was quite rare 
during the 2016 U.S. election campaign. This is important context 
given the prominence of fake news in post-election narratives about 
the role of social media disinformation campaigns. Aside from the 
relatively low prevalence, we document that both ideology and age 
were associated with that sharing activity. Given the overwhelming 
pro-Trump orientation in both the supply and consumption of fake 
news during that period, including via social pathways on Facebook 
(3), the finding that more conservative respondents were more likely 
to share articles from fake news–spreading domains is perhaps ex-

pected. More puzzling is the independent role of age: Holding con-
stant ideology, party identification, or both, respondents in each age 
category were more likely to share fake news than respondents in the 
next-youngest group, and the gap in the rate of fake news sharing 
between those in our oldest category (over 65) and youngest category 
is large and notable.

These findings pose a challenge and an opportunity for social sci-
entists. Political scientists tend to favor explanations based on sta-
ble, deeply held partisan or ideological predispositions (10, 11). The 
predictive power of demographic traits evaporates when subjected 
to multiple regression analyses that control for other characteristics cor-
related with those demographics. Yet, when an empirical relationship 

Fig. 2. Average number of fake news shares (and 95% CIs) using the list of domains derived from (7). (A) Party identification, (B) age group, (C) ideological 
self-placement, and (D) overall number of Facebook wall posts. Proportions adjusted to account for sample-matching weights derived from the third wave of the SMaPP 
YouGov panel survey.
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Durchschnittliche Zahl an geteilten Desinformations-Artikeln Jüngere selten 
betroffen 

(politischer Kontext)
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Handlungsempfehlung 3

Online-Risiken von jungen und älteren Menschen 
sollten getrennt betrachtet werden.


Die zentrale Frage sollte sein: Welche 
Desinformationen entziehen sich einem 
altersspezifischen Korrekturprozess?

!



Mythos 4 
Glaube an Desinformation 
entsteht durch Informationsblasen



22 Quelle: Eigene Befragung von 353 Personen in

verschwörungstheoretischen Telegram-Gruppen und 320 regulären Bürgern 
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Handlungsempfehlung 4

Rezeption von Mainstream-Medien schützt 
nicht vor Desinformation. Schutz muss 
früher ansetzen.

!



Mythos 5 
Desinformation ist allgegenwärtig 
 
Bonus 
Verschwörungsglaube ist ganz oder gar nicht



Conspiracy Normal
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25 Quelle: Eigene Befragung von 353 Personen in

verschwörungstheoretischen Telegram-Gruppen und 320 regulären Bürgern 

“Harte” 
Verschwörungsinhalte 
haben klare Kanäle



26 Quelle: Eigene Befragung von 353 Personen in

verschwörungstheoretischen Telegram-Gruppen und 320 regulären Bürgern 
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Conspiracy Normal
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27 Quelle: Eigene Befragung von 353 Personen in

verschwörungstheoretischen Telegram-Gruppen und 320 regulären Bürgern 
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Handlungsempfehlung 5

Desinformationen in Messenger-Diensten 
sollten als solche kritisiert werden, da sie 
umkommentiert in einem privaten 
Kommunikationsraum auftreten.

!



Mythos 6 
Online-Plattformen sind gut 
Online-Plattformen sind böse



Einfluss von Plattformen auf Nachrichtenvielfalt

Quelle: Eigene Studie, im Review

For Review Only

MAPPING EXPOSURE DIVERSITY 33

Figures and Tables 

Figure 1: Effects of platform use on exposure diversity 

Points are effect sizes from REWB models with 95% confidence intervals. Confidence inter-

vals that do not cross 0 may be considered statistically significant. Higher values represent a 

stronger positive influence."
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Figure 1: Effects of platform use on exposure diversity 
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stronger positive influence."
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Regelmäßige Plattformnutzung 
geht mit niedrigeren 

Nachrichtenvielfalt einher



Handlungsempfehlung 6

Ob Online-Dienste nutzen oder schaden 
hängt von Medienkompetenz und 
Motivation ab. Jugendliche müssen 
zielorientierte, selbstbestimmte Nutzung 
lernen.

!



Fazit
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Article

Open a newspaper, check your newsfeed, discuss politics 
with friends or colleagues, and you will come away with no 
uncertain feeling that democracy is in crisis. This crisis has 
been tied to the increasing role of digital technology in poli-
tics. Criticisms have focused on the role of malicious actors 
in promoting disinformation through digital channels to sow 
confusion and exacerbate political divisions. This promi-
nence of digital disinformation in the public imagination is 
not, however, supported by empirical findings which instead 
indicate that disinformation is a limited problem with limited 
reach among the public (Allen et al., 2020; Grinberg et al., 
2019; Nyhan, 2020). Its prominence in public discourse, we 
argue, is instead best understood as a “moral panic” (Goode 
& Ben-Yehuda, 2009), suggesting that ill-understood deeper 
structural shifts are under way that give rise to unfocused 
fears. These fears about the detrimental impact of digital 
media on democracy—such as disinformation, filter bubbles, 
or the role of bots—have dominated public, academic, and 
regulatory debates. In this article, we argue that we have to 
shift attention from these evocative but empirically marginal 
phenomena toward the structural transformations that give 

rise to these fears, namely those that have impacted informa-
tion flows and attention allocation in the public arena.

These structural shifts have come about mainly because 
of digital media (Jungherr et al., 2020), economic pressures 
on traditional media organizations (Nielsen, 2012), the “hol-
lowing” out (Mair, 2013) of traditional political organiza-
tions in Western democracies, and the reconfiguration of 
attention allocation and information flows (Schroeder, 2018). 
These shifts have partly been recognized but they are ill 
understood, and they have not been analyzed systematically. 
To understand the actually existing problems of the contem-
porary public arena and the role of digital media in democ-
racy, we need to address the underlying structural changes 
(see also Bennett & Livingston, 2018; Bennett & Pfetsch, 
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Transformations of the Public Arena: 
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Abstract
Current debate is dominated by fears of the threats of digital technology for democracy. One typical example is the perceived 
threats of malicious actors promoting disinformation through digital channels to sow confusion and exacerbate political 
divisions. The prominence of the threat of digital disinformation in the public imagination, however, is not supported by 
empirical findings which instead indicate that disinformation is a limited problem with limited reach among the public. Its 
prominence in public discourse is instead best understood as a “moral panic.” In this article, we argue that we should shift 
attention from these evocative but empirically marginal phenomena of deviance connected with digital media toward the 
structural transformations that give rise to these fears, namely those that have impacted information flows and attention 
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Desinformation als Moral Panic
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Publics, citizens, and elites seeking political 
leader- ship or influence must contribute to a 
public arena in which constructive and 
shareable alternatives are articulated, instead 
of giving in to the temptation to 
delegitimize or suppress public challenges. 



Fazit

Die moderne Welt steht vor einem epistemologischen Problem:


• Wahrheit ist nie absolut (sondern immer ein Prozess)


• Es gibt klare (aber kritisierbare) normative Grundsätze 
(z.B. Menschenwürde, Demokratie usw.)


Beide Pole zu vereinen ist (kognitive, emotionale) Arbeit; 
Menschen sind verleitet die Dimensionen zu vermischen und zu 
vereinfachen.



Fazit

Unsere wichtigste Aufgabe liegt darin


• isolierte absolutistische Einstellungen zu verhindern 
(z.B. “Meinungsfreiheit ist uneinschränkbar” — falsch!)


• Toleranz für Wahrheit als Prozess zu bilden


• Strategien der Delegitimierung zu verhindern 
(Anerkennung von Gegnern, Minderheitenschutz, 
demokratische Prozesse)





Herzlichen Dank für’s Zusehen!

Pascal Jürgens 
pascal.juergens@uni-jena.de

pascal.juergens@uni-mainz.de

@pascal (twitter)
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Toxic
content

Bullying  G# G# G# G#  
Trolling  G# G# G# G# G# G#
Hate speech  G#  G# G# G# G#
Profane or offensive content G# G#  G# G# G# G#
Threats of violence  G#  G# G#  G# G# G#
Purposeful embarrassment G# G#  G# G# G#  
Incitement G# G#  G# G# G# G#
Sexual harassment  G# G# G# G#  G# G# G#
Unwanted explicit content (“sexting”)  G#  G# G#  G#  

Content
leakage

Sextortion  G#  G# G# G#    
Doxing G#   G# G# G# G# G#  
Outing and deadnaming G#   G# G#  G# G# G#  
Non-consensual image exposure (“revenge porn”) G#    G#   G# G#  
Leaked chats, profiles G#    G#  G# G# G#  

Overloading

Comment spam       
Dogpiling       
Raiding or brigading      G# G#
Distributed denial of service (DDoS)    G# G#
Notification bombing  G#    
Zoombombing G#     G# G# G# G# G#
Negative ratings & reviews G#      

False
reporting

SWATing   G#   
Falsified abuse report  G#     
Falsified abuse flag  G#    

Impersonation

Impersonated profiles  G#    
Impersonated chats or images      
Impersonated webpages (SEO)  G#    G# G#
Synthetic pornography   G#  G# G#
Hijacked communication G#       

Surveillance

Stalking or tracking  G#    
Account monitoring  G#    
Device monitoring  G#    
IoT monitoring (passive)  G#    
Browser monitoring (passive)  G#   

Lockout
and control

IoT manipulation (active)   G#    
Browser manipulation (active)   G#   
Account lockout   G#   
Content deletion G#  G#   

TABLE I: Taxonomy of online hate and harassment attacks, broken down by audience, communication channel, and capabilities involved.
We annotate each attack with the most common intents of the attacker, though nuanced relationships between an attacker and target make
such harms difficult to generalize. A  indicates that a criterion always holds true, while a G# indicates that a criterion frequently holds true.
No entry indicates a criteria does not hold. The stratification of attacks across our criteria result in seven distinct categories of threats.

5

Thomas, K., Akhawe, D., Bailey, M., Boneh, D., Bursztein, E., 
Consolvo, S., Dell, N., Durumeric, Z., Kelley, P. G., Kumar, D., 
McCoy, D., Meiklejohn, S., Ristenpart, T., & Stringhini, G. 
(2021). SoK: Hate, Harassment, and the Changing Landscape of 
Online Abuse. 2021 IEEE Symposium on Security and Privacy 
(SP), 247–267. https://doi.org/10.1109/SP40001.2021.00028

https://doi.org/10.1109/SP40001.2021.00028


42

Unterste Kante für Quellen

Oberste Kante für Fließtext

Fl
ieß

te
xt

Fl
ieß

te
xt

Unterste Kante für Fließtext, darf bei langen Quellen weiter oben enden

50

Medienpädagogischer Forschungsverbund Südwest    JIM-Studie 2020

 Im Vergleich zu den Mädchen und jungen Frauen weisen die 

Jungen und jungen Männer mit Ausnahme der Suchmaschinen bei allen 

Informationsangeboten eine höhere Affinität auf. Besonders stark ausge-

prägt ist der Unterschied bei der Nutzung von YouTube zum Zwecke der 

Information. 72 Prozent der Jungen, aber nur 57 Prozent der Mädchen 

besuchen regelmäßig das Videoportal, um sich zu informieren. Bei den 

Nachrichtenportalen der Zeitschriften liegen die Jungen um neun Prozent-

punkte höher, bei den restlichen Optionen betragen die geschlechtsspezi-

fischen Unterschiede nur noch zwischen drei und sechs Prozentpunkte. 

Allein bei der Nutzung von Suchmaschinen haben die Mädchen einen 

leichten Vorsprung (90 %, Jungen: 87 %). 

 Der Blick auf die Altersgruppen zeigt den erhöhten Informations-

bedarf über alle Altersgruppen hinweg. Betrugen im Vorjahr die Unter-

schiede der regelmäßigen Nutzung zwischen den Jüngsten und den 

Ältesten jeweils rund 20 Prozentpunkte und trugen so dem sich ver- 

änderndem und erweiternden Informationsbegriff der Heranwachsenden 

Rechnung, sind diese Unterschiede im Corona-Jahr 2020 deutlich geringer 

ausgeprägt. Dabei haben vor allem die Zwölf- bis 15-Jährigen ihr Such- 

und Informationsverhalten intensiviert. Ob dies freiwillig geschah oder als 

Resultat des Homeschoolings und wie nachhaltig diese Entwicklung ist, 

wird die nächste JIM-Studie zeigen.

– täglich/mehrmals pro Woche –
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Tätigkeiten im Internet – Schwerpunkt: Information 2020 –Vergleich 2019
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84 Prozent der Haushalte, in denen 
Jugendliche aufwachsen, verfügen 
über ein Video-Streaming-Abonne-
ment

 Im Vergleich zum Vorjahr ist vor allem bei Video-Streaming-

Diensten (+11 Prozentpunkte), Musik-Streaming-Diensten (+8 PP), Tablets 

(+10 PP), Wearables (+12 PP), Streaming-Boxes/Sticks (+11 PP) und Smart-

speakern (+10 PP) ein starker Anstieg zu beobachten. Lediglich bei Radio-

geräten (-8 PP), DVD-Playern/Festplattenrecordern (-5 PP) und MP3-Playern/

iPods (-6 PP) ist der Gerätebesitz rückläufig. 

 Die Geräteausstattung wird in vielen Haushalten von Abonne-

ments und Streamingdiensten ergänzt. In gut vier von fünf Haushalten 

kann ein Video-Streaming-Dienst wie Netflix oder Amazon Prime genutzt 

werden, gefolgt von Musik-Streaming-Diensten wie Spotify, die in gut  

drei Viertel der Haushalte verfügbar sind. Jeweils 38 Prozent der Familien 

beziehen ein Abo einer Tageszeitung oder Abofernsehen. Zeitschriften-

abonnements wurden von 29 Prozent abgeschlossen. Gegenüber dem 

Vorjahr haben sowohl Musik- wie auch Videostreaming-Dienste ihre 

Reichweite deutlich erweitert.  

 Ältere Jugendliche haben eher Zugang zu Streaming-Diensten 

(Video-Streaming: 12–13 Jahre: 80 %, 18–19 Jahre: 87 %, Musik-Streaming: 

12–13 Jahre: 69 %, 18–19 Jahre: 79 %). Im Vergleich zu 2019 haben sich die 

Werte zwischen den Altersgruppen allerdings deutlich angeglichen und 

liegen 2020 näher beieinander. 
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